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Introduction
Generative artificial intelligence is 

increasingly entering clinical practice 
through the ways clients use conversational 
AI outside formal treatment. Clients may 
consult chatbots for information, emotional 
support, reassurance, decision-making, 
communication rehearsal, and companionship 
[1]. They may also bring AI-generated 
explanations, diagnostic language, and 
interpretations of relationships into sessions, 
where these responses can influence how 
concerns are framed and understood [2]. 
Conversational AI is therefore beginning to 
shape both between-session coping and the 
material that enters the therapeutic encounter 
[3]. This informal use is already substantial. 
In a survey of 500 Australian adults, 23.6% 
reported discussing mental health with 
conversational AI, with accessibility rated 
more favourably than professional support 
and most participants preferring access to 
both forms of support [4].

This development has particular relevance 
for addiction treatment. Craving, shame, 
loneliness, uncertainty, and interpersonal 
distress often arise outside scheduled 
appointments, when access to professional or 
peer support may be limited [5]. Generative 
AI offers immediate and highly accessible 
interaction during these periods. Its 
personalised and apparently responsive form 
may provide short-term support, while also 
becoming increasingly significant within a 
client’s emotional regulation and relational 
world [1].

Research has begun to examine 
anthropomorphism, emotional attachment, 
loneliness, social substitution, problematic 
use, and the growing use of generative 
AI for informal mental health support [6-
10]. Addiction-specific research remains 
comparatively limited and has focused largely 
on structured conversational interventions 
designed to provide psychoeducation, self-
monitoring, motivational support, craving 
management, goal-setting, and links to care 

[11-13]. General-purpose and companion 
chatbots used informally during recovery have 
received far less direct investigation.

This critical narrative review brings together 
research on human–AI attachment, emotional 
regulation, reassurance-seeking, avoidance, 
and AI-supported substance-use treatment. 
Reflexive clinical observations are included 
to illustrate emerging practice issues without 
being presented as empirical findings. The 
article examines how generative AI is becoming 
incorporated into clients’ coping, relationships, 
and recovery, with particular attention to the 
conditions under which it extends support and 
the points at which it may reinforce avoidance, 
emotional reliance, or displacement of human 
connection.
From Digital Tool to Relational 
Technology

Generative AI differs from earlier digital 
mental health tools in the kind of interaction it 
makes possible [14]. Search engines, educational 
websites, and static applications can provide 
information or structured exercises, but they do 
not usually sustain an unfolding conversation 
that adapts to the language, concerns, and 
preferences of the user. Conversational AI 
can respond to personal disclosure in context-
sensitive language and generate exchanges that 
users experience as validating, supportive, and 
socially engaging [9,16]. These features allow 
the system to become familiar in ways that 
exceed its informational function. User reviews 
of the mental health chatbot Wysa similarly 
emphasised real-time access, a trusting 
environment, predictable interaction, and the 
perceived humanness of the system [17].

The social quality of this interaction does 
not depend on users believing that the system 
is human. Research on human–computer 
interaction has long shown that people apply 
interpersonal expectations to technologies that 
display social cues, even when they remain 
fully aware that they are engaging with a 
machine [18]. Generative AI extends this 
tendency through fluent, context-sensitive, 
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and increasingly personalised language. In two experiments 
involving 1,274 participants, Folk [6], found that individual 
differences in anthropomorphism were strongly associated with 
feelings of connection following chatbot interaction. The same 
exchange may therefore remain primarily instrumental for one 
user while acquiring a more socially meaningful quality for 
another.

The concept of relational technology helps capture this 
development. The term refers less to the technological status 
of the system than to the psychological qualities that emerge 
through repeated use [19]. A chatbot may initially be consulted 
for information, then become a familiar source of explanation, 
reassurance, or emotional organisation [19]. Over time, users 
may come to recognise a particular tone, anticipate how the 
system will respond, and return partly because the exchange 
itself has become predictable and personally resonant [1,20].

This familiarity is produced through an interaction between 
the user and the system. Repeated prompting, correction, and 
feedback allow users to shape the tone, depth, and style of the 
responses they receive [19]. The resulting interaction may feel 
increasingly individualised, even though the system’s responses 
continue to reflect patterns extending beyond the particular user 
[21].

A brief reflexive example illustrates how this co-constructed 
familiarity can develop. Over several years of using 
conversational AI in clinical, academic, and writing contexts, 
I began referring to the system as “Chad”. The name emerged 
from a recognisable interactional style: an American therapeutic 
idiom, a recurring preference for American research, and a 
polished form of clinical language that became increasingly 
familiar through repeated use. My corrections and preferences 
influenced the responses I received, while the system continued 
to reproduce linguistic and cultural tendencies derived from its 
wider training.

The nickname captures a stable conversational persona without 
implying that I regard the system as a person or experience 
the interaction as reciprocal. It provides shorthand for the 
particular version of the system that has developed within our 
exchanges. A user engaging primarily in engineering, coding, 
or technical problem-solving would likely encounter a different 
style, even while interacting with the same underlying model. 
This illustrates how conversational AI can feel individually 
familiar while retaining characteristics that originate beyond 
the individual relationship. Naming and personification also 
occur outside emotionally supportive contexts. In a survey of 
445 university students, participants commonly applied social 
conventions to AI language models, including names, gendered 
pronouns, greetings, and expressions of thanks [22]. 

Naming an AI or describing it as having a recognisable 
style offers little basis, on its own, for inferring attachment, 
dependence, or impaired reality testing [1]. Greater relational 
investment becomes more clinically relevant when the system 
is experienced as a source of emotional closeness, continuity, 
understanding, or social substitution [8].

Recent research has begun to distinguish these forms of 
engagement more precisely. Kasturiratna and Hartanto [8] 
developed and validated a 15-item AI Attachment Scale across 
five studies involving 1,259 participants. The measure identified 
emotional closeness, social substitution, and normative regard 
as distinct dimensions of attachment [8]. Stronger attachment 
was associated with socioemotional motives for use, loneliness, 
social anxiety, and anxious attachment, as well as positive 

affect and life satisfaction [8]. Hu, et al. [7] add further detail, 
showing that personification, satisfaction with the interaction, 
interpersonal difficulties, and projective processes may all 
contribute to attachment formation. Together, these findings 
suggest that attachment develops through the interaction 
between the user’s relational needs and the qualities they 
experience the system as providing [7,8].

The fluency of these exchanges can make the limits of the system 
less visible. Large language models depend on the information 
supplied to them and cannot independently observe non-verbal 
behaviour, gather undisclosed contextual information, or 
monitor changes across the client’s wider life. Their responses 
are generated through statistical pattern recognition rather than 
clinical observation, contextual judgement, or responsibility 
for care [23]. Apparent understanding may nevertheless feel 
sufficiently convincing to acquire emotional and interpretive 
authority.
The Culturally Coded AI Companion

The familiarity that develops through repeated interaction can 
make an AI system appear increasingly specific to the individual 
user. This personalisation may obscure another influence on the 
interaction: the cultural assumptions already embedded within 
the model. Conversational AI is trained on language produced 
within particular social, linguistic, and institutional contexts. Its 
responses therefore carry tendencies concerning relationships, 
autonomy, distress, responsibility, and help-seeking, even when 
these assumptions are not made explicit.

Research increasingly challenges the idea that generative AI 
provides culturally neutral reasoning [24,25]. Lu et al. [15] found 
measurable cultural variation in both social orientation and 
cognitive style according to the language in which generative 
AI was used. When GPT responded in Chinese, its outputs were 
more interdependent, holistic, and sensitive to context; when 
responding in English, they were more independent and analytic 
[15]. Importantly, these patterns were also reproduced in 
ERNIE, a generative AI model widely used in China, suggesting 
that culturally patterned responses are not limited to Western-
developed systems [15]. 

The findings complicate the assumption that any single 
cultural orientation is inherent to conversational AI and instead 
indicate that language, model design, and training context can 
all shape the worldview expressed in an answer [15,24,25]. 
Other evaluations have nevertheless identified Western cultural 
preferences across multilingual models, including outputs 
generated in non-Western languages [24,25]. Linguistic 
fluency across cultures therefore does not guarantee cultural 
equivalence.

Mental health responses may be particularly sensitive to these 
tendencies because psychological interpretation depends heavily 
on cultural beliefs about the self, family, emotion, responsibility, 
and acceptable behaviour [15]. A response framed around 
individual autonomy, direct disclosure, or firm interpersonal 
boundaries may appear clinically coherent while fitting some 
cultural contexts better than others [26,27]. Concepts such as 
trauma, attachment, validation, codependence, narcissism, and 
toxicity can also be applied as though their everyday meanings 
are settled and universal [27].

The personalised quality of AI may increase the authority 
of these interpretations. A generic article presents itself as 
external information. A chatbot produces its explanation within 
an ongoing conversation, using the client’s language and 
referring to details supplied moments or months earlier [24,25]. 
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Cultural assumptions may therefore arrive in a form that feels 
individually recognised rather than externally imposed [24,25].

This distinction has implications for addiction recovery. 
Meanings attached to substance use, shame, dependence, family 
responsibility, spirituality, disclosure, and recovery vary across 
communities [28]. A system trained predominantly on Western 
psychological and medical literature may privilege individualised 
explanations and formal treatment models [29]. It may give less 
weight to collective identity, family interdependence, religious 
practice, culturally specific understandings of distress, or 
community-based recovery [29].

Evidence from psychiatric and medical applications shows 
that these concerns extend beyond tone. Bouguettaya, et 
al. found racial differences in treatment recommendations 
produced by four large language models when otherwise similar 
psychiatric cases included explicit or implied racial information 
[30]. A larger evaluation of medical decision-making similarly 
found that recommendations changed according to race, 
income, housing status, and LGBTQIA+ identity despite 
constant clinical details [31]. These studies do not directly 
examine addiction counselling, although they demonstrate that 
apparently personalised clinical responses can reproduce social 
bias.

Cultural coding may also shape the explanatory language 
clients bring into therapy. Generative AI is already used for 
psychoeducation, diagnosis-related questions, relational 
guidance, and decision-making, allowing its concepts and 
classifications to enter users’ accounts of personal experience 
[9]. These interpretations may identify meaningful aspects of an 
experience while also framing it through cultural assumptions 
that remain largely invisible.

The therapist may therefore encounter the client’s history 
through an interpretive framework partly shaped by the AI’s 
cultural and linguistic assumptions. When that framework is 
delivered in language that feels natural, empathic, and highly 
specific, it may carry more authority than its evidentiary basis 
warrants [32]. Recognising this influence is important because 
the appeal of conversational AI lies partly in how convincingly 
it appears to understand the individual user.
Why AI Is Compelling in Addiction Recovery

Recovery is often negotiated through brief and highly 
consequential moments: whether to act on a craving, disclose 
a lapse, attend an appointment, contact a sponsor, or withdraw 
from support [33]. These moments do not necessarily 
coincide with scheduled care, and participants involved in 
the development of the Suzy recovery chatbot specifically 
identified the need for support with cravings, stressors, goals, 
appointments, and connection to care between treatment 
contacts [13]. Conversational AI is compelling partly because it 
can respond while the situation is still unfolding, when intention 
may be unstable and the next action remains undecided.

Suzy offers one of the clearest examples of this approach 
within addiction care. The chatbot was developed to support 
people with substance-use disorders between treatment 
contacts, with functions spanning craving management, goal-
setting, appointment reminders, health information, resource 
referrals, and connection back to the care team [13]. Clinicians, 
researchers, health coaches, and people with lived experience 
contributed to its development, grounding the system in the 
practical realities of recovery rather than adapting a generic 
mental health tool after the fact [13].

The study did not evaluate treatment effectiveness, yet it 

provides a useful account of what participants wanted from an 
AI-supported recovery tool [13]. They valued approachable 
language, accountability, and access beyond normal service 
hours [13]. These preferences suggest that the perceived 
usefulness of a chatbot may depend on its capacity to translate 
broad recovery intentions into manageable actions: reviewing a 
goal, interrupting an urge, locating support, or preparing for the 
next treatment contact.

Suzy was also designed within a visible structure of care. 
Accuracy testing, escalation procedures, human oversight, and 
explicit limits on the system’s role were incorporated into its 
development [13]. The chatbot’s conversational flexibility was 
therefore linked to a defined clinical purpose and a pathway 
back to human support. Commercial companions and general-
purpose systems may become involved in similar moments 
of vulnerability through ordinary use, although their role, 
safeguards, and relationship to treatment are usually less clearly 
established [11,34]. The broader idea of AI as a recovery 
companion has also been examined specifically in relation to 
people who use drugs, with attention to both its supportive 
potential and the boundaries required around its role [35].

The wider substance-use literature supports the value of 
conversational formats while showing how early the evidence 
remains [11,33,36]. A systematic review of 28 chatbot-assisted 
interventions identified applications in psychoeducation, 
motivational work, self-monitoring, craving management, 
goal-setting, behavioural feedback, and relapse prevention 
[12]. Personalised guidance and ease of access were frequently 
associated with engagement [12]. Many of the reviewed 
interventions were rule-based, however, and the studies varied 
considerably in design and methodological quality [12]. 
The findings offer stronger evidence for feasibility and user 
engagement than for lasting effects on substance use or recovery.

Users also appear to expect more than convenience or 
encouragement [37]. In a qualitative study of conversational 
agents for alcohol self-help, participants valued privacy, 
practical guidance, and control over the interaction, while 
raising concerns about authenticity, trust, data security, and 
excessive agreeableness [37]. Their responses point to a more 
demanding standard of usefulness. A recovery chatbot must 
be able to remain supportive while recognising risk, tolerating 
complexity, and directing the user towards appropriate action 
[37]. Purpose-built systems such as Suzy offer one model for 
balancing responsiveness with accountability and connection to 
care [13]. General-purpose chatbots enter the same territory with 
greater conversational freedom and fewer agreed boundaries 
around what their support is intended to achieve [34]. This also 
raises unresolved questions about how systems should respond 
when serious risk is detected, particularly where escalation 
to human support may conflict with expectations of privacy, 
consent, and confidentiality.
Attachment and AI-Mediated Relief

Repeated use during loneliness, shame, uncertainty, or fear of 
relapse may allow the AI interaction itself to become associated 
with anticipated relief. Users seeking emotional support from 
ChatGPT have described validation, perceived care, and the 
freedom to disclose without burdening another person [9]. 
In recovery, these qualities may make the system especially 
appealing during periods when approaching another person 
feels difficult or exposing [8,15].

The term attachment-like regulation describes the use of 
AI as a recurring source of comfort, steadiness, or emotional 
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organisation [38,39]. The term recognises attachment-related 
behaviour directed towards the system without treating the 
interaction as equivalent to reciprocal human attachment [38]. 
AI has no independent concern, intention, or responsibility for 
the user, yet it can still become a familiar point of return when 
distress rises or approaching another person feels difficult [39]. 
Individual attachment patterns may influence how central this 
regulatory role becomes. In a study of 54 conversational-AI 
users, Heng and Zhang [40] found that attachment anxiety was 
associated with problematic use both directly and indirectly 
through emotional attachment, with anthropomorphic tendencies 
moderating the relationship.

Satisfaction with the interaction and the expectations that 
develop around it may be especially important. When a chatbot 
repeatedly accompanies periods of distress, elements such as 
its tone and continuity may themselves become associated with 
relief [7]. This predictability may be particularly compelling for 
people who experience human support as uncertain, exposing, or 
demanding. The user can repeat a concern, revise what has been 
disclosed, reject an unwanted response, and end the exchange 
without managing another person’s frustration, fatigue, or 
emotional reaction [7,8]. These features can lower the threshold 
for seeking support while also making the interaction unusually 
controllable.

The loss or removal of a familiar AI system may reveal how 
much emotional significance the interaction has acquired. 
Users affected by the shutdown of an AI companion described 
experiences resembling grief and attempted to preserve or 
recreate the relationship on other platforms [41]. Recent 
measures of human–AI attachment also include separation 
distress, reflecting discomfort associated with losing access 
to an established AI relationship [10,41]. The wider relational 
implications extend beyond individual attachment. Jones 
and Schonewille [42] argue that synthetic intimacy may alter 
the social practices through which human connection and 
community are sustained, particularly when convenience and 
simulation begin to displace reciprocal engagement.
Pseudo-Safety and the Deferral of Recovery Tasks

Attachment-like regulation may become clinically significant 
when relief increasingly depends on reassurance, repeated 
explanation, checking, or extended analysis. Golden and 
Aboujaoude [43] propose that the continuous availability and 
low-friction nature of conversational AI may facilitate repetitive 
reassurance-seeking, checking, “figuring out,” perfectionistic 
prompting, and decision-seeking. These interactions can 
provide immediate relief or an impression of certainty, 
while repeated use may strengthen avoidance and reduce 
opportunities for corrective learning [43]. Similar mechanisms 
are well established in the safety-behaviour literature, in which 
reassurance and checking can reduce anxiety in the short term 
while increasing reliance on the behaviour and maintaining the 
underlying fear or uncertainty [44].

Drawing on this literature, this review uses the term pseudo-
safety to describe relief attributed to the AI interaction while the 
distress, uncertainty, or recovery task that prompted it remains 
unresolved. Safety behaviours can become self-reinforcing 
when their immediate reduction of distress increases reliance on 
them as a means of coping [44]. Conversational AI may serve 
a comparable function when reassurance, repeated analysis, 
checking, or highly controlled interaction becomes increasingly 
necessary for the user to feel able to cope [43]. A person may 
repeatedly ask whether a lapse “counts”, continue analysing 

another person’s intentions, or refine a message without sending 
it. In each case, the interaction may provide temporary clarity or 
emotional relief while postponing disclosure, decision-making, 
interpersonal contact, or another action relevant to recovery 
[43,44].

Pseudo-safety can be distinguished conceptually from 
useful short-term regulation by examining what follows the 
interaction. Safety-behaviour models emphasise function and 
consequence rather than the behaviour in isolation, particularly 
whether short-term anxiety reduction prevents new learning or 
increases dependence on the strategy [44]. Within the present 
framework, emotional relief refers to an immediate reduction in 
distress following the AI interaction. 

In this review, recovery movement refers to an exchange 
that supports action beyond the AI conversation, such as 
engagement with treatment or the care team, goal-directed 
behaviour, accountability, craving management, or connection 
with community and other human supports [13]. Deferred 
action describes the contrasting pattern in which consultation 
repeatedly produces relief while the underlying decision, 
disclosure, interpersonal contact, or recovery task remains 
postponed, consistent with models in which reassurance-seeking 
and repetitive consultation can maintain avoidance and interfere 
with corrective learning [43,44]. Recovery movement and 
deferred action are proposed here as clinically useful functional 
distinctions rather than empirically validated categories.

Communication rehearsal illustrates why function is important. 
Emerging research suggests that AI-mediated communication 
tools can support some autistic and neurodivergent users 
with interpreting conversational cues, generating alternative 
phrasing, practising social communication, and reducing 
some of the effort involved in preparing for interpersonal 
exchanges [45-47]. Such use may therefore be adaptive 
when rehearsal increases confidence or facilitates subsequent 
communication. The same behaviour could become avoidant 
if repeated refinement increasingly postpones contact until 
the user feels sufficiently certain, regulated, or protected 
from misunderstanding, consistent with broader models of 
reassurance-seeking and safety behaviour [43,44]. AI-generated 
interpretations may operate similarly when repeated requests 
for explanation provide temporary certainty while narrowing 
exploration of alternative accounts or delaying action outside 
the AI interaction [43,44].

Preliminary longitudinal evidence supports closer examination 
of these patterns. In a four-week randomised study involving 
981 participants and more than 300,000 messages, Fang et al. 
[10] found that higher daily chatbot use was associated with 
greater loneliness, emotional dependence, problematic use, and 
lower socialisation. Exploratory analyses also found that greater 
trust in the chatbot was associated with greater emotional 
dependence. The findings were correlational with respect to 
usage intensity and psychosocial outcomes and therefore do 
not establish causal direction [10]. Carter [48] similarly found 
that escapism was associated with greater problematic AI-
companion use, while resilience attenuated the association 
between escapism and problematic use. Together, these findings 
suggest that the motivation and function underlying AI use may 
provide clinically relevant information beyond frequency of use 
alone [10,48].
Potential Functions of AI Within Addiction Recovery

The clinical meaning of conversational AI depends less on the 
function itself than on the role it comes to play within recovery. 



Page 5 of 7

Zoe Wyatt . Psychiatry Behav Health. 2026;5(1):1-7.

Psychiatry Behav Health. (2026); Vol 5 Issue 1

Table 1 applies this functional analysis across the principal ways 
conversational AI may enter addiction recovery.
Bringing AI Use Into Clinical Assessment

Conversational AI use can be incorporated into assessment 
by examining the interaction as part of the clinical sequence 
surrounding a relevant event. Golden and Aboujaoude [43] 
recommend direct inquiry into chatbot use and its involvement 
in emotional regulation, decision-making, and distress 
management. In addiction treatment, the therapist can ask what 
prompted the consultation, what the client entered into the 
system, how the response was understood, and what occurred 
afterwards [43].

Attention should also be given to the evidentiary basis of 
AI-generated conclusions. General-purpose chatbots may 
provide reassurance, psychoeducation, and recommendations 
with less elicitation of contextual detail than human therapists 
[50]. When a client brings an AI-generated formulation into 
treatment, assessment can examine the information supplied to 
the system, the details omitted, the certainty of the response, 
and the influence it has had on the client’s interpretation or 
choices [50]. Clinicians have also identified potential changes in 

communication, transparency, shared decision-making, and the 
therapeutic relationship when AI becomes involved in mental 
health care [51].

The client’s relationship to the response may be as clinically 
informative as its content. Relevant indicators include the 
authority assigned to the system, willingness to consider 
alternative explanations, capacity to delay consultation, and the 
degree to which AI input has become necessary before decisions, 
disclosures, or interpersonal actions [50]. These features may 
help the therapist identify whether AI is functioning as an 
occasional resource or has acquired a more central role within 
the client’s recovery and treatment [43].

This framework has yet to be validated in addiction 
populations. It offers a preliminary structure for examining 
conversational AI when its use has become clinically relevant 
to the client’s interpretation, behaviour, or engagement with 
treatment.
Ethical and Evidentiary Limits

Research on emotional attachment, problematic use, and the 
psychosocial effects of conversational AI remains at an early 
stage. Much of the available evidence is cross-sectional, and 

Function Possible contribution to 
recovery Possible clinical concern Current evidence

Information, interpretation, and 
planning

Psychoeducation, service naviga-
tion, recovery planning, and 
language for discussing psycho-
logical experiences

Inaccurate guidance, premature 
diagnostic certainty, or exces-
sive authority assigned to fluent 
responses

Purpose-built recovery chatbots 
have shown feasibility for infor-
mation, referrals, goal-setting, 
and care support, although effec-
tiveness remains untested [13].

Reflection and disclosure Organising thoughts, preparing 
for therapy, and lowering the 
threshold for discussing shame or 
stigma

Extended analysis without action, 
or clinically significant material 
remaining outside treatment

AI-generated responses can elicit 
greater self-disclosure and per-
ceived closeness during chatbot 
interactions [16]. Effects on later 
disclosure to clinicians and treat-
ment engagement remain unclear.

Regulation and craving support Immediate coping prompts during 
craving, insomnia, distress, or 
gaps between appointments

Increasing reliance on AI or 
delayed contact with appropriate 
human or medical support

Greater daily use has been associ-
ated with emotional dependence, 
problematic use, loneliness, 
and lower socialisation, without 
establishing causality [10].

Companionship and relational 
continuity

Reduced acute loneliness and ac-
cess to a familiar conversational 
presence

Emotional dependence, social 
substitution, relational narrow-
ing, or distress following loss of 
access

Research has identified emotional 
closeness and social substitution 
as dimensions of AI attachment, 
while the loss of an established 
AI companion has been associ-
ated with grief-like responses  
[8,41].

Communication rehearsal Preparation for difficult conversa-
tions, reduced cognitive load, and 
support with organising language

Repeated refinement that delays 
communication or increases 
reliance on highly controlled 
interaction

Emerging research suggests that 
AI may support communication 
preparation [45-47], although its 
effects on subsequent interper-
sonal engagement remain insuf-
ficiently studied.

Reassurance and certainty-
seeking

Temporary stabilisation and clari-
fication during uncertainty

Repetitive checking, short-
lived relief, reduced uncertainty 
tolerance, and reinforcement of 
avoidance

Conceptual models propose that 
continuous access to reassurance 
and repeated analysis may main-
tain anxiety and interfere with 
corrective learning  [43].

Table 1. Potential functions and implications of conversational AI in addiction recovery
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the limited longitudinal research has identified associations 
among heavier use, emotional dependence, loneliness, and 
reduced socialisation without establishing the direction of these 
relationships [8,10].

Addiction-specific evidence is more limited. Existing studies 
have focused mainly on structured chatbots developed for 
psychoeducation, self-monitoring, craving support, motivational 
work, and connection to care. Findings support feasibility, 
acceptability, and engagement, while evidence concerning 
relapse, treatment retention, harm reduction, and sustained 
recovery remains sparse [12,13].

The application of attachment-like regulation and pseudo-
safety to addiction recovery therefore remains conceptual. 
Research has yet to establish whether repeated AI consultation 
influences lapse disclosure, treatment participation, interpersonal 
support, craving management, or relapse trajectories over time. 
Longitudinal studies are also needed to distinguish the effects 
of purpose-built clinical systems from those of general-purpose 
chatbots and commercial AI companions.

Ethical concerns extend beyond clinical effectiveness. Users 
may disclose sensitive information to systems operating outside 
professional confidentiality and medical regulation. Fluent and 
empathic responses may also encourage levels of trust that 
exceed the system’s capacity for contextual judgement, risk 
assessment, and responsibility for care [52]. Identified concerns 
include inaccurate crisis guidance, emotional dependence, 
ambiguous loss, anthropomorphic design, and changes in 
expectations of human care [52,53]. Experimental evidence 
from a simulated crisis self-rescue context also found that AI 
hallucination affected users’ evaluations of the service, while 
access to human expert advice reduced some of its adverse 
effects [54].

These limitations support a cautious clinical approach. AI-
generated material should be examined alongside the client’s 
wider history, relationships, treatment context, and current level 
of risk. Strong conclusions about benefit, harm, dependence, or 
therapeutic value remain premature.
Conclusion

Conversational AI is becoming part of the emotional, 
relational, and behavioural environment in which addiction 
recovery takes place. Its significance extends beyond the 
information it provides. Through repeated use, it may shape 
how clients regulate distress, interpret experience, prepare for 
communication, and seek a sense of continuity or certainty. 
This critical narrative review has brought together research on 
AI-supported addiction interventions, human–AI attachment, 
reassurance, avoidance, and safety behaviour. It has extended 
discussion beyond purpose-built recovery chatbots to consider 
how general-purpose and companion AI may influence 
relationships, coping, and treatment. The review has proposed 
attachment-like regulation and pseudo-safety as clinical concepts 
and developed a functional framework for assessing AI use in 
addiction recovery. The central question is what the exchange 
makes more likely to happen next: greater engagement with 
treatment, accountability, and human connection, or further 
consultation before the client feels able to disclose, decide, or 
act.
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