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Abstract

This paper presents an Al-based Investment Safety Application developed to support users in making
secure and informed financial decisions. The system integrates investment education, verified company
information, real-time insights, and fraud detection into a single unified platform. It simplifies financial
concepts such as stocks, mutual funds, and gold through beginner-friendly Al-supported explanations.
The application analyzes URLs, company profiles, and suspicious investment schemes to identify
potential risks using intelligent pattern recognition. Users also receive guidance toward safer and more
trusted investment platforms. Real-time alerts, risk notifications, and market updates help users stay
aware of ongoing changes. By combining Al analytics, fraud prevention, and continuous education, the
proposed system improves investor confidence and reduces exposure to online financial scams.

Introduction

The rise of digital financial services has
made investing more accessible to everyday
users, especially beginners exploring stocks,
mutual funds, and gold. However, this shift
toward online platforms has also increased the
risk of scams, misleading advertisements, fake
investment portals, and unauthorized brokers.
Many users struggle to differentiate between
genuine and unsafe platforms because of
limited financial literacy and the absence of
reliable verification tools.

In many cases, fraudulent schemes exploit
investor curiosity by promising unrealistic
returns, limited-time opportunities, and
false credibility through fake websites or
manipulated reviews. New investors are
particularly vulnerable because they often
make decisions based on surface-level
information rather than verified financial and
regulatory evidence. As investment decisions
increasingly move into mobile applications
and web-based services, there is a strong need
for a system that can act both as an educational
assistant and a safety filter. Such a system
should not only explain investment basics
but also help identify danger signs before a
financial loss occurs.

To address these challenges, this paper
presents an Al-based Investment Safety and
Guidance System that combines investment
education, company verification, and fraud
detection within one application. The system
explains essential investment concepts
in simple language, provides access to
verified company information, and evaluates

suspicious URLs, company details, and
investment claims through risk analysis. By
generating trust scores, red-flag warnings,
and user alerts, the system helps investors
make safer decisions. The proposed system is
especially useful for first-time investors who
need confidence, guidance, and protection
while navigating digital financial platforms.

Problem Statement

The rapid expansion of online investment
platforms has increased participation in
financial markets but also created major
security and trust challenges. Many users,
particularly beginners, cannot reliably identify
legitimate platforms. Existing investment
applications mainly focus on trading, portfolio
tracking, or market access, and generally do
not provide integrated features for company
authenticity verification, fraud detection, and
investor education. As a result, users remain
vulnerable to digital financial crime, unrealistic
return claims, and manipulative schemes.
Therefore, there is a need for an intelligent
system that educates users, verifies investment
sources, and provides real-time fraud detection
for secure and informed investment decision-
making.

Objectives

The main objectives of the proposed system
are:

1. To develop an Al-based system that
provides safe investment guidance for
beginners in stocks, mutual funds, and
gold.

2. To educate users

using simple and
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understandable financial explanations.

3. To maintain a verified list of investment companies by
cross-checking regulatory information.

4. To design a fraud detection model for suspicious websites,
scam platforms, misleading investment claims, and
unauthorized brokers.

5. To generate trust scores, warnings, and risk indicators for
user-friendly scam awareness.

6. To build a unified application that combines guidance,
verification, and fraud detection.

Literature Review

Financial literacy plays a critical role in investment behavior,
savings, and participation in formal financial markets [1], [17]-
[20]. Prior work shows that low financial knowledge reduces
decision quality and increases vulnerability to poor or risky
choices. Official frameworks and international surveys further
emphasize the importance of financial education for adults
navigating increasingly digital financial systems [2], [3]. On
the security side, phishing and fraud detection research has
advanced significantly through machine learning, URL analysis,
ensemble methods, and domain-specific language models [8]—
[13]. However, most of this work focuses on cybersecurity
or payment fraud rather than investor-oriented investment
platform screening. Regulatory investor-protection guidance
from SEBI and public company verification facilities from MCA
highlight the practical need for tools that can bridge education,
verification, and fraud prevention in one system [4]-[7].

The literature also indicates that financial technology
applications are often designed around convenience and speed,
while security awareness and fraud education remain secondary
features. This creates a practical gap for users who need both
financial understanding and security assurance in the same
environment. The proposed system addresses that gap by
merging multiple support functions into a unified architecture.
It does not limit itself to fraud classification alone, but also
attempts to reduce risky behavior by improving the user’s
understanding of investments and trusted platforms.

Proposed Solution

The proposed solution is an Al-based Investment Safety
and Guidance System implemented as a mobile-first decision-
support application. It combines three major modules:

1. Investment Education Module: explains stocks, mutual
funds, gold, risk categories, and basic investment
concepts.

2. Verified Company Module: presents trusted investment
entities screened using regulatory and corporate
information.

3. Fraud Detection Module: analyzes suspicious URLs,
company details, and scheme descriptions using pattern-
based and learning-based checks.

The system produces trust scores, red-flag alerts, and safety
guidance. It also provides real-time alerts and personalized
information support so that users can respond quickly to
suspicious activity or changing market conditions.

In addition, the proposed solution is designed to reduce user
confusion by presenting complex information in a simple and
structured manner. Instead of expecting users to independently
search multiple websites for company details, investor guidelines,
scam reports, and market news, the system consolidates relevant
information into one workflow. When a suspicious URL or
company is submitted, the system first performs verification
checks and then presents a result that includes a risk view,
caution labels, and recommended next steps. This makes the
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application suitable not only as a fraud-detection tool but also
as a practical investor assistance platform.

Methodology

The methodology mirrors how a knowledgeable financial
advisor would operate, but in an automated form.
Data Collection

The system collects company information, user-submitted
URLs, regulatory references, market context, and scam-
indicator patterns. These inputs form the basis of the verification
and fraud analysis process.

Verification Layer

The system checks basic authenticity indicators such as
company registration presence, suspicious domain behavior,
unrealistic claims, and regulatory consistency. These checks
work as deterministic safety rules before deeper analysis.

Al Analysis Layer

After validation, the Al engine evaluates features extracted
from input data and performs:

: URL and metadata analysis

. suspicious pattern recognition

. risk scoring

. content mapping for investor education

Adaptive Learning

The system improves over time using updated fraud patterns,
user reports, and model refinements, allowing it to adapt when
new scam styles appear.

Automated Decision Workflow

The workflow is fully automated from input capture to
verification, fraud analysis, alert generation, and decision
guidance.

The methodology follows a hybrid approach because
fraud detection in investment environments cannot depend
on only one type of model. Rule-based checks are useful for
identifying clearly suspicious conditions such as unregistered
companies, incomplete corporate information, or misleading
return statements. At the same time, Al-based analysis is useful
when patterns are subtle and cannot be captured by fixed rules
alone. For this reason, the proposed system combines rule
checks, pattern recognition, and adaptive learning. This balance
improves reliability while keeping the process explainable for
users.

Another important methodological aspect is user-centered
output generation. Instead of only producing a label such as
“safe” or “unsafe,” the system translates analytical output into
understandable categories such as low risk, moderate risk,
and high risk. It also attaches warning notes and educational
suggestions. This helps the user not only receive a decision but
also understand why that decision was generated. As a result,
the methodology supports both fraud prevention and financial
literacy improvement.

System Architecture

The architecture is organized into layered functional blocks.

A. User Interface Layer

This layer contains login, registration, learning screens,
company browsing, scam-checking interface, and alert views.

B. Application Logic Layer

This layer manages workflows, user requests, content delivery,
authentication handling, and event orchestration between user
actions and analysis modules.
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C. Intelligence and Analytics Layer

This layer performs fraud detection, trust scoring, trend
interpretation, and recommendation generation.

D. Data Storage Layer

This layer stores user data, verified company records, scam
indicators, learning resources, alert history, and system logs.

E. External Integration Layer

This layer interfaces with market feeds, regulatory data
sources, and public verification services.

F. Security Layer

Security spans the full system using protected access, secure
communication, encrypted storage, and fraud-monitoring
controls.

Results

The implemented system provides a reliable and user-friendly
platform for both beginners and experienced investors. Based
on the available project description, the system successfully
supports basic investment education, verified company viewing,
personalized notifications, and fraud checking. The fraud
module is particularly important because it screens suspicious
websites and fake schemes by comparing URL patterns and
security indicators with internal scam detection logic.

The system output is designed to be practical for real-
world usage. Users can quickly understand whether a URL,
company name, or promotional message requires caution. The
educational module improves comprehension of investment
categories, while the verification module supports confidence by
showing whether an entity appears to be trustworthy based on
available checks. The alert module increases responsiveness by
notifying users about changes in relevant investment or security
conditions. These combined functions improve usability and
create a stronger sense of trust in the application.

From a functional perspective, the results indicate that the
application is capable of integrating multiple investor-support
tasks within a single interface. This reduces the need to switch
between different sources for verification, learning, and scam
detection. As a result, the proposed system demonstrates
practical value as a preventive safety mechanism in digital
investing environments.

Discussion

The paper shows that combining investor education,
verification support, and Al-assisted fraud screening in one
system is a practical approach for safer digital investing.
The design addresses a gap in conventional investment apps,
which usually prioritize transaction features over safety,
trust validation, and scam awareness. The proposed hybrid
methodology is especially suitable because it blends rule-based
checks with learning-based adaptation.

Another important point is that fraud prevention is more
effective when the system is proactiverather thanreactive. Instead
of only warning users after a problem is detected externally, the
proposed application attempts to identify suspicious behavior at
the input stage itself. This can reduce exposure to fake schemes
before a user invests money or shares sensitive data. The
educational design of the system also contributes to long-term
user benefit, because users gradually improve their investment
awareness through repeated interaction with guided content and
warning messages.

The proposed architecture is also scalable. New fraud patterns,
additional regulatory APIs, and broader investment categories
can be integrated without changing the overall design philosophy.
This makes the system suitable for future improvement and

GJEIIR. 2026; Vol 6 Issue 3

deployment in wider financial safety applications.

Conclusion

The Al-based Investment Safety App demonstrates how
intelligent technology can improve financial awareness,
user safety, and investment decision support. By integrating
educational modules, real-time alerts, verified company
information, and Al-based fraud detection, the system offers a
safer environment for users exploring investment opportunities.
The overall design supports the broader goal of reducing
digital financial fraud while improving investor confidence and
informed decision-making.

Future Scope

Future improvements can include multilingual investor
assistance, stronger explainable-Al support for fraud scoring,
broader regulatory integration, dynamic blacklists, richer
behavioral risk profiling, and more extensive benchmarking
using real-world scam datasets.

The system can also be extended with portfolio-level
personalization, chatbot-based investor help, voice-assisted
guidance, and more advanced fraud analytics for social media
and messaging platforms. Another useful enhancement would
be periodic trust re-evaluation of listed investment entities, so
that users receive updated safety information even after an initial
check. In this way, the proposed application can evolve from
a guidance tool into a broader intelligent investor protection
ecosystem.
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